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REVOLUTIONIZING HEALTH WITH Al: NAVIGATING
THE NEW ERA BETWEEN BENEFITS AND RISKS
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IMPORTANT DISCLAIMER

A The information presented in this presentation on longevity, biohacking, disease risk assessment

2A

and prevention, aging treatments, and related topics is intended solely for educational and
research purposes. It is important to note that this content does not constitute medical advice,
diagnosis, or treatment recommendations. The insights provided reflect ongoing research and
theoretical concepts in the fields of aging, health optimization, and biohacking, but they should
not be interpreted as personalized guidance or professional healthcare consultation.

Furthermore, many of the methods, treatments, supplements, or products discussed in this
presentation have not been approved by regulatory authorities, including those in Switzerland,
and their safety, efficacy, and long-term effects may still be under investigation. As the scientific
understanding of these areas continues to evolve, any references to products, treatments, or
Interventions should be considered within the context of ongoing research and regulatory reviews.

Before making any health-related decisions or implementing any new practices, it is strongly
recommended to consult with qualified medical professionals and to rely on their expertise for
guidance tailored to your specific health conditions and needs.
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CSEM AT A GLANCE

We are a public-private, non-profit Swiss
technology innovation center

We enable competitiveness by developing and

transferring world -class technologies to the
Industrial sector

o o = i _ H _
24 =7 e [333] 33
£ WD e =B

1984 630 115 177 > 50
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We are a public-private, non-profit Swiss technology innovation center
a transmission belt between academia and industry

Fundamental Applied Tech Product Sales &
Research Research Transfer development Industrialization Production services

INNOVATION. -
VALUE N
CHAIN:

0 £rvvy

QEKJEQ 92 % satisfied customers

I NNOVATI ONS
VALLEY OF DEATH
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MULTIDISCIPLINARY R&D IS IN OUR DNA

Automated sample handling Microfluidics Robotics & automation System -on-chip

| l l .

Biomaterials Biosensors Artificial intelligence Microsystems
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SELECTED MILESTONES
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1= Empowering maternal health Y
T ) Organoid sorting
Multiplexed point-of-care solution
Bioindenter for preeclampsia diagnostics

Visienco start-up:

y
Large organoid sorting

L _ ; [ ] Single cell sorting
Microfluidics verification plate Mechanical testing of

) Skin graft engineering _ - -' .
soft tissues World's fastest microfiuidic Urine self-testing @
I ) Il sorter —_—
Pipetting excellence program to verify . World's first machine to produce ce id at- i
the quality of the pipetting process personalized human tissue (CUTISS AG) [ ] Rapid at-home testing of sexually

transmitted diseases
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(Hamilton)

) . . . DMF bioprintin
Brain-on-chip Precision liquid handling [ ] P 9
. ) . ) o Al for life sciences Dynamic formulation in bioprinting .
3Brain start-up: High density . Air restriction pipettor (Tecan) for regenerative medicine Vascularization of

electrophysiological data

organoid systems

Life science activities
in Basel Area

Organoid production

Continuous and unidirectional
perfusion of organoid-on-plate

Standardized organoid
production in large scale
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Al FOR LIFE SCIENCE

Customized Al for your needs

We tailor predictive Al solutions by integrating and contextualizing
multi-modal data to accelerate innovation in Life Sciences.

¢
DIAGNOSTICS (¢ @&

THERAPEUTICS 3 E @ = ) PREVENTION
D

PERSONALIZATION
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CUSTOMIZED Al SOLUTIONS

MULTI-MODAL DATA Al ENGINE PREDICTIVE ANALYSIS
INTEGRATION
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Digital twin

Disease mechanism
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Introduction into Al
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WHAT ARE Al, ML, AND DEEP LEARNING?
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Al IN BIOTECH: SORTING FOR HIGH QUALITY ORGANOIDS

Matrigel Drop
Non-retinal Organoid
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®
@ Retinal Organoid
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Insert
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Duration : Up to 6 months

Batch culture Sorted organoids

A inhomogeneous
population

A high individual
quality
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STANDARDIZATION CHALLENGE

A Morphology

A Mechanical properties
A Functionality

A Viability

A Tumorigenicity
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UNDERSTANDING THE CHALLENGE

Sorting for viable organoids
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UNDERSTANDING THE CHALLENGE
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UNDERSTANDING THE CHALLENGE
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UNDERSTANDING THE CHALLENGE
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Sorting for viable organoids needs automation
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SOLVING THE PROBLEM I

Supervised approach:
Obtain high-quality labels for the organoids (alive/dead) and train an Al model
A The model learns morphological differences that distinguish organoids w.r.t. the class labels

X v v
Train neural
network
Step 1 /\ 4 7 ¥ Supervised training
X 7 X
Training images Labels
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SOLVING THE PROBLEM I

Supervised approach:
Obtain high-quality labels for the organoids (alive/dead) and train an Al model
A The model learns morphological differences that distinguish organoids w.r.t. the class labels

X v v
Train neural
network
/\ v v ¥ Supervised training
X v X

Feed new data

into network Classify sample

Step 2 Model inference
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THE UNKNOWN GROUND TRUTH

Organoids Three experts Outcomes

Problem:

Large case-to-case differences in
@ the votes of experts

A Which label is the correct one?

= CSem
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IDENTIFY MORPHOTYPES USING SELF

Morphotypes = robust patterns of organoid/cell morphologies identified in the cohort of images

Default Representation
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LINK MORPHOTYPES TO DRUG EFFECTS

Surface Area (Organoid/Cell) Cell Death
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High cell death
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~ Low cell death

I\/Iorphotype 1 Morphotype 4

Step II: Quantify the effects of drug (s) in the
mor photype | atenspapaeo

For example, identify morphotype(s) which best
predict cell viability, or alternatively cell death
(toxic effects)
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GROWING LIFE SCIENCE INNOVATION SECTORS

DRUG DEVELOPMENT DIAGNOSTICS PERSONALIZATION LONGEVITY / PREVENTION

BIOHACKING
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MULTI -MODAL DATA INTEGRATION FOR PRECISION HEALTH
CHALLENGES

Sample collection

Sample size

Data access

f w|m|.w'm|wmf%|w

Heterogenous data

Ground truth

Scalability
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MULTI -MODAL DATA INTEGRATION FOR PRECISION HEALTH

Al

24 A

SOLUTIONS

Representation
learning

EMRACHL Chapter 2025

Patient knowledge
graphs
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Biologically-informed
neural networks

Dataset 3 v Dataset N

Foundation
models
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EMPOWERED BY

2 CSerm

Use-case 1
Prevention iIs the future of healthcare
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Prevention Is the
future of healthcare

Andres Lanzos, Co-Founder & CSO
Dominic Mehr, Co-Founder & CEO



Problem X ey

41 M yearly deaths by chronic diseases

80% are preventable



Potential modifiable risk factors for dementia K Toeou

Nearly half of dementia cases could be
prevented or delayed by tackling 14 risk
factors starting in childhood

Livingston, Gill et al. The Lancet, (2024)



Proteomics -based prediction of age -related diseases ff. OMICS

Type 2 diabetes
(n = 939)

All-cause dementia

Plasma proteins serve as biomarkers of B e  esen e
biological aging (r =0.94), enabling early risk & | o

prediction for age-related diseases,
multimorbidity, and mortality.

Argentieri, M. A. et al. Nature Medicine, (2024)



Solution

Blood test via
multi -omics & Al
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Consumer journey R R
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Consumer Sample Multi -omic Analysis & Disease risks &
acquisition collection measurement interpretation prevention plan




Value Proposition

Early risk detection

Lung cancer 1 Average

(examples)

Effective prevention plan

t3

Increase fiber Colonoscopy
consumption

(examples)



Technol ogy R TRuerou

TYOENGINE

6% e

Lung cancer Heart Failure Alzheimer
5-year risk prediction

Accuracy  80% E ﬁ

Sensitivity  75% |
Specificity ~ 80% Diabetes

Novel Al models

Lung
diseases




Meet the Team R ThuEvoy

Andres Lanzos Dominic Mehr Guillaume Desachy

CSO & Co-Founder CCO & Co-Founder Advisor
BioMedical Data Serial Entrepreneur Head of Biometrics at
Scienti st & Veatbr®Builder, BA Pierre Fabre
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Pierre Fabre
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venture

Lucas Wittwer Jonas Meirer
Computer Scientist, PhD Data Scientist, MSc



Let 060s make
prevention the
future of healthcare

Andres Lanzos THUEYUU
Co-Founder & CSO OMI[:S

andres.lanzos@trueyouomics.com

WWW.trueyouomics.com



mailto:andres.lanzos@trueyouomics.com
http://www.trueyouomics.com/
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Use-case 2
Personalized immune -rejuvenation
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AGE IS A KEY RISK FACTOR FOR DISEASE AND DISABILITY

England cardiovascular disease Europe dementia rates : UK cancer rates
rates
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MOLECULAR AGING CLOCKS

/ First generation \ / Second generation \ / Next generation \

Ageing clock .-~ ~-._Transcriptomics
. Morphology
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Functional readout
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Rutledge, J. et al., Nat Rev Genet, 2022
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FROM TISSUES TO CELLS:
RETHINKING DIGITAL PATHOLOGY WITH PHENOMICS

High throughput
functional imaging
and single-cell omics
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Al integration

Novel cell
populations
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AUTOMATED MICROSCOPY OF HUMAN BLOOD
(including B-cells, T-cells, NK-cells, monocytes, dendritic cells)
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